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INIA  Un modelo: Modelo atomico
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Un modelo: Modelo de un dosificador variable
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INIA  Un modelo: Modelo hidrologico abcd




NIA  Un modelo: Modelo hidrolégico abcd
Wt=St—1+Pt=St+ETt+GRt+DRt
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Modelo: Definicion formal

Una representacion simplificada
de la realidad en la que
aparecen algunas de sus
propiedades.
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Respuesta de |la vegetacion a la sequia
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INIA  Meteorologicas
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INIA  De circulacion general

(a) El Nino
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l CONSTRUYENDO EL MODELO
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Desarrollo de un modelo: Método clasico

Encontrar una formula que genere la
secuencia

¢, Qué numero
y(n) =y(n—-1) +y(n —2) sigue?

» Laserie es autorregresiva lineal 01 1 2 3
de orden 2: AR(2). 5 8 1’3




Desarrollo de un modelo: Inteligencia artificial
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Inteligencia artificial

No conocemos la relacion
entre las variables.

Que la magquina aprenda a
resolver el problema sin
conocer la formula.

Inteligencia artificial

Aprendizaje de
maguina
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Aprendizaje de maquina
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Prediccion de sequia

Google Scholar
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Cualquier momento
Desde 2020
Desde 2019

Desde 2016
Intervalo especifico...

Ordenar por relevancia
Ordenar por fecha

Cualquier idioma

Buscar solo paginas en
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Crear alerta

drought forecasting n

Aproximadamente 5.670 resultados (0,04 s)

(i) Application of penalized linear regression andjensemble methodsffor

drought forecasting in Northeast China

Z Li, T Chen, Q Wu, G Xia, D Chi - Meteorology and Atmospheric Physics, 2020 - Springer
Effective drought prediction can be conducive to mitigating some of the effects of drought.
Machine learning algorithms are increasingly used for developing drought prediction
models due to their high efficiency and accuracy. This study explored the ability of several ...

vr D9 Citado por1 Articulos relacionados Las 2 versiones

Short-Term Hydrological Drought Forecasting Bg Nature-
Inspired Optimization Algorithms Hybridized WithjArtificial Neural Networks
N Nabipour, M Dehghani, A Mosavi... - IEEE ..., 2020 - ieeexplore.ieee.org
Hydrological drought forecasting plays a substantial role in water resources management.

Hydrological drought highly affects the water allocation and hydropower generation. In this
research, short term hydrological drought forecasted based on the hybridized of novel ...

v P9 Citado por3 Articulos relacionados Las 2 versiones

roF] Hydrological drought assessment through streamflow forecasting using
wavelet enabledjartificial neural networks
J Drisya, DS Kumar, 1 Hoshni - ... Approach to the Theory and Practice of ..., 2020 - Springer

In semi-arid watersheds, hydrological drought is manifested by reasonably low streamflow
conditions. This makes streamflow forecasting as an inevitable component for implementing
drought management practices. Data-dnven modelling techniques are often applied for ___

1‘.‘3 DY  Articulos relacionados Las 4 versiones

ImprovedjHidden Markov Modeljlncorporated with Copula for Probabilistic
Seasonal Droug orecasting
S Zhu, X Luo, S Chen, Z Xu, H Zhang... - Journal of Hydrologic ..., 2020 - ascelibrary.org

Drought is a natural hazard driven by extreme macroclimatic variability, and generally
resulting in senous damage to the environment over a sizable area. Accurate, reliable, and
timely forecasting of drought behavior plays a key role in early warning of drought

v Y9 Articulos relacionados

Short-Term and Medium-Term Drought Forecasting Using Generalized Additive

Models
F Mathivha, C Sigauke, H Chikoore, J Odiyo - Sustainability, 2020 - mdpi.com
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Prediccion de sequia
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Bayesian networks that incorporate dynamic model predictions and a drought propagation
relationship. The resulting model, Bayesian networks-based drought forecasting ...

Yy YY Citado por1 Articulos relacionados Las 3 versiones

Forecasting of droughts and tree mortality under global warming: a review of
causative mechanisms and modeling methods
J Han, VP Singh - Journal of Water and Climate Change, 2020 - iwaponline.com

.. Mukherjee et al. [E[E %% Scheff [E][E% %) Drought forecasting has its foundation on the under-
standing of how drought indicators interact in oceanic- atmospheric-land circulation and how
initial hydrological conditions affect the development of drought (Kavvas & ...

¥v U9 Articulos relacionados 9

i) Comment on “Comparison of the ability of ARIMA, WNN andudels
for drought forecasting in the Sanjiang Plain, China” by Yuhu Zhang, Huirong
Yang ...

EE Basakin, O Ekmekcioglu - Natural Resources Research, 2020 - Springer

We thank Zhang et al (Nat Resour Res, 2019. https://doi. org/10.1007/511053-019-09512-6)
for investigating the accuracy of artificial intelligence technigues in the prediction of drought
in China. In the paper by Zhang et al.(2019), two data-driven models, namely artificial neural ...
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l REDES NEURONALES ARTIFICIALES



INIA  Neurona bioldgica

Santiago Ramoén y Cajal




INIA  Neurona artificial

Neuronas
Axon  Sinapsis biologicas
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INIA  Abstraccion de una neurona artificial o




!
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RENAMIENTO — VALIDACION — TESTEO



INIA  Entrenamiento

&> 0.0




INIA  Validacion y testeo

Conjunto de datos

Entrenamiento | Validacion Jesteo

 Entrenamiento e Eleccion del e Evaluacion del
de distintos mejor modelo modelo basado
modelos en metricas




INIA  Validacion en terreno

 Datos de produccion de
praderas de secano

(1 B &) _ Ky (1 B ETcreal)
Ym ETcstd

» Indice de severidad de sequia
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RECAPITULANDO




INIA  Red neuronal artificial ‘- aal




INIA  Autorregresiva
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Variables exdogenas: meteorologicas
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INIA  Variables exdgenas: Circulacion atmosferica

(a) El Nino
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INIA  Validacion

Conjunto de datos

Entrenamiento | Validacion Jesteo

 Entrenamiento e Eleccion del e Evaluacion del
de distintos mejor modelo modelo basado
modelos en metricas
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En praderas naturales
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